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Political conflict is an essential element of democratic systems, but can also threaten their existence if it becomes too
intense. This happens particularly when most political issues become aligned along the same major fault line, splitting
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Our methods allow us to construct a time-resolved picture of affective polarization that
shows the separate contributions of cohesiveness and divisiveness to the dynamics of
alignment during contentious events.
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1.1. Signhed network visualization of Birdwatch. Network of Tweet Author Ideology
D(-) to R(+)

sighed relationships for the BW1 dataset. Node color corresponds to
their partition group membership.
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For DerStandard, we pinpoint issues that reinforce societal fault lines
and thus drive polarization, characterized by both intense antagonism
and alignment (2.1. C). These iIssues are mostly related to political
topics. We also identify issues that trigger online conflict without
strictly aligning with those dividing lines (2.1. A), such as COVID-19

policies.

2.1. Antagonism and Alignment of the ratings of each news topic in DerStandard. Topics have
been selected based on the topic/subtopic tags associated with the articles located above the postings
(e.q., sports, climate change, etc.). Dashed lines show the mean values of each metric to identify

relative quadrants.

2.1. Unpacking Issue Alignmer%

An

interactive version of
this figure with all the topic
labels can be found here:
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